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Implementation of Ensemble Data Assimilation for Turbulent Flow Simulation
based on Lattice Boltzmann Method
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Development of Advanced Neutronics/Thermal-Hydraulics Coupling Simulation System
(4) Neutronics/Thermal-Hydraulics Coupling Simulation Using MVP and NASCA
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A study of appropriate Phase-Field variables for gas-liquid two-phase flow simulations
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Interface width Frequency Damping rate Mobility Frequency Damping rate

J/Az wlrad/s s M wlrad/s] Als7Y

2.0 - - 1 752.13 -
3.0 746.41 4.576 3 747.25 5.137
4.0 750.98 5.278 5 746.41 4.576
5.0 749.63 5.497 10 746.08 4.002
Theoretical solution 764.37 5.021 Theoretical solution 764.37 5.021

(A (B)

Figure 1: Oscillating frequency and damping rate. Dependency of :(A) Interface width, (B) Mobility.
BHEE - AR —IBIE, BUAFEE A A: - BRAFZE (C) 19K11992, 21K11911 725 SR & THV V=,
$E3CHR [1] S.Yamashita, T.Ina, Y.Idomura and H.Yoshida. Nuc. Eng. Des., Vol.322, pp.301-312, 2017.

[2] PH.Chiu and Y.T.Lin. J. Comp. Phys., Vol.230, No.1, pp. 185-204, 2011.

[3]1 K.Yokoi. J. Comp. Phys., Vol. 226, No.2, pp. 1985-2002, 2007.
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A stable free-surface-detection method for consistent high-order MPS method
*Guangtao Duan and Mikio Sakai
Univ. of Tokyo

Abstract

The high-order schemes in MPS method can enhance accuracy but easily suffer from numerical instability at free surfaces.
In this study, a new free-surface-detection method based on the stability analysis is proposed to solve this problem.
Numerical examples demonstrated that the new method detected fewer free-surface particles but enhanced the stability.

Keywords: Particle method, MPS, Free surface, Stability, Accuracy

1. Introduction

The high-order schemes in particle methods can greatly suppress pressure fluctuations [1], improve boundary
accuracy [2,3], and enhance reliability. The high-order particle method has great potential but suffers from instability
easily at free surfaces. This paper aims to develop a novel free-surface-detection approach to suppress the instability.
2. Numerical methods

The high-order schemes presented in our previous study [3] are employed here. After careful investigation, it
is found that the instability is closely related with the free-surface-detection method. Namely, when an internal particle is
subjected to seriously biased neighbor support, the biased error will accumulate rapidly, triggering instability. After this
internal particle is detected as a free-surface particle, the boundary condition imposition at free surfaces can break the
error-accumulation loop and suppress the instability. The coefficients of discretization models can effectively measure the
bias of neighbor supports. Therefore, the model coefficients are used to detect the required free surface particles.
3. Simulations and discussion

Four typical test cases were performed to contrast the stability between the existing and proposed approaches.
It was found that the proposed approach detected fewer free-surface particles but produced more stable simulations than
the existing ones. Meanwhile, the simulated results were in good agreement with the benchmark results in literatures.
4. Conclusion

A new free-surface-detection approach based on stability analysis is proposed for the high-order MPS method.
The biased neighbor support is the main reason for error accumulation and instability. The proposed approach can detect
fewer free-surface particles but produce more stable results than the existing approach. Based on the new technology, the
high-order schemes can greatly enhance the accuracy and stability of particle methods.
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