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H5FL BE TIYXNY—ELRZBVTZ—VORBEREZALYIHEL G 0T UL T A 0TH D
(=& =) pHEREEL LTV, 2L, KEESEE TV (LLM) Z AW BERATFEO Mt
HHENTWED, BHFFEDZ X APIEHTHH T % SaaS B LLM IZIKFLTED, aX MHEEOB NS
KR ERERENOEM NN TH 2. 2 ZTAMETIE, v—hLEBRETHEST 2/ MIKESEE T L (SLM) %
BEHLE, RaX 2 0oBERNRE =7 X — U BHIFEZIRET 5. BEFETE, LX) Y IER» o HEHE
WEHH L HTML @ik e UTE DAL THREETREDIALZ S SRS DOM 5El) 713V XL 28T 5
ZrT, BERETLTHUREER LM ZHIEST. AFRTIE, HAD ECHA FEWNRNELTF—X v
MIZHL, 4bit B L X N7z Qwen2.5-Coder-7B % W /z3HiliSZE# 21TV, VRAM 25 16GB F2E DEIHICBIT 512

RFEORINE & EREZRGES 5.
F—O—F X—71RX—Y, ECH¥A I, Ul SLM

1 1L ®IC

FROTFZAHERCBENT, Web H—E X7 7V 7 —
> a ZBIF 5 Ul (User Interface) 3 & F UX (User Experi-
ence) RETDHEMNFE > TV 3. M UI/UX 32—
PV 74 2A XY, 2-FIHREES6TH, ZO0—F
THEZEOHMBZHEELL, 21—V I R R ERREZEX
FNCEEE T 2/ TFIEANDBRR B LD o TWD. TD KSR
h& T&8—2 %% —> (Dark Patterns)) M4, 2010 4EiC
Harry Brignull i2 & o THRIBX W 7MEXTH 5. Brignull 132
N%E T2—F—%2BRLT, 722 21X, AOMARICRIFICA S
w7eh, EBHBAZZNIEZRY, FEOTENCGHEET 3
JdEEBEICHFI SN 22— — A VX =T 2= [1]) LERL
TWa. &8, IHFETE (T 14177 1 782 = (Deceptive
Patterns)| WS IEMRBIBIBXN TV S8, AR TIHA S ES
LT3 (&= k-] WS HEBZRAWCGERzED 5.

R—r 2 —roBEFle LT, HENEERECLS
THREDERL 278 X ¥ % [nterface Interference| , HE
DAY Y ROV EA—FrHOT2-FOERELE2
Social Engineering| , ¥ — VY XDfiEH) 7 vt 2 % BRIICHE
Mi{b3 % TObstruction] REMNEIFSLND. DI,
BERIBIERDR T 7 AN —DREFL V- LHEE P 7 701
EfiT2Zehs, BERRARMEE LRI N20H 5.

WTE, BOKEEEZ HINZ X — 7 & — 203 2 ERIl 0%
HAERELTE D 2], HAREMZBWTHXEOSBE LU
NTV3. EMED D 2 HH KL L 57201213, Web L
BT DX =7 &= OEIERN 2R T 2 KB FZAEH
EWRAIRTHS. LorL, AFITX2HEICIIRADDH 3 L,

BRRCTHRANZZ X — 7 82— BEIRAITFEEHILTE S
3, KHERELZFEM L EHERsTws. Zof@Ez#
HT 27201213, EEE» DK R b BEREEA O3
ABTH 5.

D LLM (Large Language Model) $24f7 D R 72 2
W, LLM Z WX =27 82 — Y RAIOWFEE R 2 5
DTS, ZHhSDOMETIE, EROEHIRTFEE HEKRL T
BWRIEE REXhTW3. L L, ETHEDZ I,
API #HTHIHF % SaaS (Software as a Service) oD LLM
WWHIELTBYD, FEAICBIT 2 WL O OB ENFE/ DI
BRoTWa. FIaXAMOMBETHS. SaaS B LLM D% <
BREERREHZHRALTEY, KL a—-) v 77 —&i2
U T2HRELRITO5E, APIFARNERE 2D FENK
FREEEY 72 2. BE_ICHBIM e R ATREEORIETH 5. SaaS B
ETIOUVIHEZIZT v 77— FRMERREENMTON S 20, [H—
DATNTH L THRINC Ko TSR 20 gEESH D,
MR HHEOHRVNEETH 2. £, F—ELAKTRRY
S—EHEIZXBFHEILD Y R 7 ST E 0.

Z TR T, SaaS B LLM ICKIEL 2\, v— LB
BTE#IES % SLM (Small Language Model) IZEH$ 5. &
Mo HZ, v—A0 SLM #HW={Ka X + o BN A
K= RE— U RHITFEZMALL, KSR ERRHFHE Z B
KXET 52 TH25. BRI, ERLE Web =T 0D
V—2a—RIZXWL, RIX—2EMZ-BERETLVEH
W 21T 5. m—H1 SLM 28RH3 % Z LI &k 3 E£74F]
RIEUTO@EYTH%.

o JRBMIFE: APIMMRSAFEE LR WD, b= 8%
RUCT B Z e KRB 7 — X 2Bl ReTH 5.
o HBRMYCBERY: ETLEr—ALVRETERT 39,
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N=Y a YOREENIEETH D, IHERIC & 3 FEEkER

DEMEH S B TE 3.

ARET, EBRICHAGEEC VA b2 ol LEZT—XREy
FEHWT, BRFETHEIE—HALSLMIZEBZY —Xa—
RNt OBERMEZBFEET 5.
AREOWBIILITOEY TH 5. 2 ETIE, BEMZEICD
WTHRR, 5 3 BT, HREROEDIALZ M S B0 L
v —%)L SLM I &k 2 #iaE A LELBRFIERICOVWTEH
T3, PHAETIE, BEELES AT LEHOZHEEBROR
ReEBRERN, 5 BTAROMRLE SHOBEL F LD 5.

2 EEWRSRE

B — 7K — BT BRI, FICHEEBHD 2 DD
BUCESPYTON TS, AETIE, s 2 ODMEEDE
SIS DWW TIRR 3.

2.1 H—INE—VHEE
2024 %, Gray 5 [3] 1%, BEHFD 10 EO X — 7 X -2
B3 2 Bl L3 K oot Lo g e, sr~n, fr
AV, ARV 3 FEEICT I NS 64 FEHDHE X — 27 %
R—=YRATIZOWT, B SNLEREMA A Y bR
V—miRREL.
10 DX — 27 2 — > DDA T o@D TH 5.
e 2010 #7» & Harry Brignull H&® WEB ¥4 b 22T
HINTWBHH
o MBI BZX—T R HH A
o EU, %HE, KEOFEMRESLHFIGRD X —2 & —
VOB EREDNEE 5
INLDONFECEENIEX I RR—V R TR, &
RINCE LV O 0 5 B, hLr oo 25 i, KL
AL 35 B, Fte4 oA Y brY—rInTW3.
Gray HIZE 24 trI—D55, BLNLDX =7 8% —
VERATEEDERELUTICORT. kB, HAFEREIEFEHEC
£5.
¢ Sneaking is a strategy which hides, disguises, or delays
the disclosure of important information that, if made
available to users, would cause a user to unintentionally
take an action they would likely object to.
(RzZ=F T i3, BEEREREZRET, BET 3, R
ZESELHIET, b LEOERI Z—FITEREINTY
NEELETHA 51782, 21— VFIERETLELES
bD.)
¢ Obstruction is a strategy which impedes a user’s task
flow, making an interaction more difficult than it in-
herently needs to be, dissuading a user from taking an

action.

WHE L, 2—FDXAZETEHEL, ARBEL Sh

'|H : https://darkpatterns.org
251 : https://www.deceptive.design

DEIM2026

UYWAY E Sy a v ERNEICT S22 T, 21— —
PREDT 72 a3 2Bne 2% 5+ 2 HiK.)
¢ Interface Interference is a strategy which privileges
specific actions over others through manipulation of the
user interface, thereby confusing the user or limiting dis-
coverability of relevant action possibilities.
(A>2—=T7x—ZRFHLid, Ul OfF2EL TRED
7o arvEMDOT I ar i EBL, TACE-T
I—FrREEERD, BET 772 a v OERKDSHE
RATREMEZ HIRR U 72 D 3 2 HkIg.)

e Forced Action is a strategy which requires users to
perform an additional and/or tangential action or infor-
mation to access (or continue to access) specific function-
ality, preventing them from continuing their interaction
with a system without performing that action.

GEBHRIENT oo arveid, BEOKIICY 7R (%
12037 7w R/ T 5002, BN E 72 ATRER 7
7 ay ORITPHEROEM 2 2—FITERL, 2077
TavEETLRVIRD, Y27 4L ONGEEMETER
WK ST B HREE.)

¢ Social Engineering is a strategy which presents op-
tions or information that causes a user to be more
likely to perform a specific action based on their individ-
ual and/or social cognitive biases, thereby leveraging a
user’s desire to follow expected or imposed social norms.

V=29 IO T7UTeR, MANEEEEN

BREBHIANA 7 RHDE, 2—FPREDT 7> a v iHE
175 2rlRetEZ & % & 5 InERIRP HlR 2 IR 3 2 K.
ZhuE, WS hD, B30I IS HEc eV
WEWS A—FOHMKREFMAT2HDTH5.)

2.2 HA—UNE— 5

R—= 72—V BHIOMFRIE, STF O LI O 25H 72
FRICED, ZOBAFELIRESELLTETNS.

2022 4, RHS [4] 1 EC ¥4 &R, EfET — Xt
HINLBRSET XA MNDOT =Xty PEAWT, EWYE
WCEBR =X =V EHEBHOR—-RF 4 VifiziT-o 7.
ZDR—=RAF A4 VFIHIi T, B—2 2 —>OFEHEE 2 HIHH
THHEZEITY, FHliTThiiz

2023 4, Mansur & [5] 1%, RZV—r>av hEANEL,
ERAFREAM B X B RS FBUIREAM 2 W TH =7 k-
PRAIT AT LA THD AIdUI 2R L. AIdUT I, 3
R—=2=F TRV T XA N, AT7—LR T T4
atEdti e w7z @0, BiET 227X Y oY 4 X &
BI2IICXBEHANMCE > T, X=X -2 DHiH%
1ToTW\W3.

2025 fF, Zewei Shi & [6] ¥~ /LFE— XL LLM % HWT
R— &% — & BT % DPGuard #1E%& L 7=. DP-
Guard 1%, X—=27 &= OFEREHFIT 234 F VKSR L,
SAFE—Z)L LLM EHWEX =7 R =D Hh 73 & H
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Web ARChlve

b A

(A—HILSLM) | €| 5 BRI
1 REFE BRI
HNTBER=IRE—VSREIORE. X, N4 FVSHE

WMTCR—IRR=VEELLHEINZDDDATNLTFE—X
U LLM Z WM TRAIZITS 22 Ik bitEax b
Bz K-> TW\w3

3 REFE

AFTE, HARFEEC ¥4 M ERRICAZ LA Y 7 %IT
W, [NE L7 WEB ¥4 b7 —&ZMFICr—A1 SLM %
WTY —2a— R EITI Z2IC&D, X=X —2 DM
MERAS. AREEFEZ, 277, AL, B0
37z =R 765,

ARETIX, 2024 12 Gray & [3] DHER L X =T o8& —2
DHFERZTRAT S, LiL, TRTOE—I R —VENGE
CEBRETI LY. flxiE, - bOHEESEATF
MELEDZBICHET 28— 2 =21%, ZOR=ID
BEPR#ETHZ. 22T, HLLD 558D S5, Social
Engineering Z M FUCERZITS. ZACEENI X -7 K —
VRATERIIRT. RFTIE, Social Engineering 128 %
N5 8 XA FITHONWT, MizERAS.

¥ 72, ARTIX VRAM 728 16GB fREDREZHE L T
BY, PRTLOMAEREE ¥ LT Google Colab(GPU:T4,
VRAM:15GB), A&FEE L LTF 22 by 7 PC(GPU:RTX
5060 ti, VRAM:16GB) %[ ¥ 3.

3.1 RUVLA1EVY

D WEB $4 M, JavaScript 72 ¥ % F W CEIFNICHESE
END T —ANZN. ZO®D, BNKRAZ LAY 7D kE
7% BrowsertrixCrawler® Z 3% . Browsertrix Crawler &
Z, 799 R—2D7/7a— VT AT LTHDH, Docker a v
TFTEATEZ LOFFFINTWE. Zhuc kB ah
WARC 7 7 A V2 AT LTHWS

EED EC 4 MR LTRAZ LA Y 7 %2ITICHRD,
ECH¥A +® URLDV R MPRETHS. £IT, HAGE EC

3https://crawler.docs.browsertrix.com/

DEIM2026

H 4 b 200 D URL % FHCicsk L7z,
HA M,

e 2025 v Ml
FEFHE)
Shopify & A Hi &

*  BASE & AH4

EDEG L. 2D 200 D EC %4 MK L, Browsertrix
Crawler ZHHWT 194 FH72h 15 R=TJDRIZ LAV
iTo7z. BRIFENZR—IIX, 200 ¥ A bl 2666 R—T
H5.

2B, TNLHDEC

e bE o %2 TOP100 (HAX v b

wmo B

A7 VLAY I DEI§E 17z WARC (Web ARChive)
774X, ZORETIE SLM D AHISEI W, koT,
SLM AND AN L 7 BRICER T 2 B3 H Y, D7z
DETLEERE 2 ERR T 5.

Browsertrix Crawler %W TINE L7z WARC 7 7 £ LI
1, HTML DIE21Z CSS = JavaScript, HRRENEEN 5.
AFETIX, BUF L7 WARC 7 7 A L EANY RLRAT 5 9% T
LYRY Y7L, LYyEY YIS HTML & LTRES 5.
XD, RZ V=¥ ay FEHVTICHEREROIUS
ZiA 5.

BARICIE, Ny LR T7 5 9% ET JavaScript Z5ETL,
Bk ay 7 Y AREMINIRED DOM (Document Ob-
ject Model) YV — %532, ZOFE, % DOM / — Fizxf
L T window.getComputedStyle %#H L, CSS #EH%ZDFE
EHAAZA V% HTML B U THIRINICH DA e L3 217

. Blz1X, display: none % opacity: 0 £ W\ 72IERRA X
A ilx%ﬁf)gﬁk&ixﬁﬁﬁ‘lﬁ%, REIUR) VI EDERE
RICBEROL T 4+ ¥ A X z2BMEr LTNET 5. Zh
&Y, TFAMR—ZADETFTATH->TDH, [HHEMZZEER
2 MEEORIC X %%ﬁj V0o AR E DOM i
D—# Y UCEkAIREIC S

#wT, SLM @Fﬁi’oﬂfzﬂ VTXFRAMNREEMENT 57
®, BEEGRIEEZ1TS. BRICE, =2 —rDHE
WZAFG LW <script>, <style>, <svg> % 27 HTML 2 X
v MEZHIBRL, DOM MEirE&{t3 %

Rz, BRI h DOM Y Y —% SLM O ANHIR (4
R TIE 2048 b —2 Y e ROE) WCEDLETHEIT 2. Hiflik
XFHNTEITIEE 7 OBEMIN, BEBEDOREICEIDE
TUANXNRE RES VR IBHS. 2D, $$&Ti”ﬂ
ENETF v 7 DRHEIZ, V— FEENLSYY — FIKE
if@@%&&ﬂ(Ax<?uxb)%aﬁmkﬁkié.;
XD, BFINRF v 7 THoTHR—Y DOERMEICE
URNEE RERE LI EFE, HREITO Z AR 125,

3.2 i

3.3 & pall
3.4 BRHETILOEE L &#E{t

AT, BANCHWSBE—H)L SLM ¥ LT, Alibaba
Cloud I ko THFEIhza—T 1 YRR ETLTH 3
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K1 NREIDZX—IAR—VRAT

Type

Definition

High Demand

Low Stock

Endorsements and Testimonials

Parasocial Pressure

Activity Messages

Countdown Timer

Limited Time Message

Confirmshaming

Indicates that a product is in high-demand or likely to sell out soon, even though that claim is
misleading or false.

Indicates that a product is limited in quantity, even though that claim is misleading or false.
Indicates that a product or service has been endorsed by another consumer, even though the source
of that endorsement or testimonial is biased, misleading, incomplete, or false.

Indicates that a product or service has been endorsed by a celebrity, influencer, or other entity that
the user trusts, even though the source of that endorsement is biased, misleading, incomplete, or
false.

Describes other user activity on the site or service, even though the data presented about other
users’ purchases, views, visits, or contributions are misleading or false.

Indicates that a deal or discount will expire by displaying a countdown clock or timer, even though
the clock or timer is completely fake, disappears, or resets automatically.

Indicates that a deal or discount will expire soon or be available only for a limited time, but without
specifying a specific deadline.

Frames a choice to opt-in or opt-out of a decision through emotional language or imagery that relies

upon shame or guilt.

Algorithm 1 #SIFHIDAAZ 5 MR DOM 778 T7VOBEELDLD, AFROBIIEITD S Google Co-

Require: WARC records W, Target URLs U, Max tokens Lyqx lab (NVIDIA T4 GPU, VRAM 15GB) ZBWT, EifERERE

Ensure: Set of structured chunks D VRAM #HE DRI EIT- 7=, BMILOFEE, 14B 51T
LD BT R =R % 4bit 1ITHD 2 E Tl (4-bit Quantization [8])
2: for.each record r € W do FHEALTS, BV HTML 2> 7% 2 b % AN LEEIC A E
; ‘“?ZZ:;;;zziiiggm DRI (OOM) DFET 3 ) A2 AT L SRS IF. —
5: h! + InjectVisualFeatures(h) > Inject computed styles 7.5’ 7B EBTVISHL 4bit B{L (NF4TER) 2 L7255

as attributes

&, EFTVEADOXEYHEZK 5.5GB IflcEx 2z eH

6: t < CleanDOM(h') > Remove scripts, styles, HIBHL . Zhick b, b oD VRAM #E%E KV ¥ vy > a
comuments RTITAN—Y a VEEICHDH TS Z e HREE R D, &
7: C <+ RecursiveChunking(t.body, 0, Lmaa) Kl Y 2 4096 k— 2 Yoy FHA X2 TOAFIHE
v pepue R LCIIET 2 2 L EREIL T,
et BUEOREX D, AT CIkH EPERO I FCALIHIE ¢
11: return D AVTFRMNEEDONT VADRBETH 5 “Qwen2.5-Coder-
12: procedure RECURSIVECHUNKING(node, ancestors, Limaz) 7B-Instruct” @ 4bit B TLET AV EZRATH e L. &
13:  Sstart < StartTag(node) 7o, HEERT Y Y Y DFEEITIE Unsloth’ 74 75 U EHWL, X
14 if Length(buffer) + Length(Sutart) > Limas then £V ARIL L HREIEOI EER > T 3,
15: Flush(buffer)
16: buffer <— Breadcrumbs(ancestors) > Initialize with 4 ¢ 1ﬁ %= B

ancestor tags
17: end if
18: Append Sstart to buffer

19: for each child € node.children do
20: RECURSIVECHUNKING (child, ancestors U {node}, Lymaz)

21: end for

22: Append EndTag(node) to buffer

23: end procedure

REFEOEMEEMIET 2 72D E T 2 iSRRI DU
TR 2. AEBROEHZ, FHREERICHO D 2B RI2B»
T, 4bit B ka7 74 v Fa—= V7LD SLM 2 H
Wiz Y — 2 a— REids, Web ED X —27 %% — U BHENZEBW
TEAMNBHEE L @R RO EERMNCHLMZTZ
TH5.

EERIZX, T—XIE, BILE, =70 K 3HER, BXOA
RIDOFMIIHE I X B EROf5 WS a2 2 TiIThh 3.

Qwen2.5-Coder [7] 28R T 5. AEFNIZ, BARSEBIMZ

HTML % CSS k¥ o~ —2 7 v FSE0MHBIcE#ENTEY, 4.1 RBEAT—2tv OBRCFLE

DOM HEEDMHTICHL TN 2. ETADNY = a VI, FHMSEBROKERE Y 12 5 F— &€ v M, MEKCZB—Y >
28T A —ZHD 0.5B, 1.5B, 3B, 7B, 14B, 32B Db DHIFE  ZE{FOINEL ECH4 FD WARC 77 4 LD 55, 2025

5.

Zov MaEGE EE S >~ F 2 TOP100 @ 100 ¥4 + X b INEE
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Algorithm 2 SLM Z Wz & — 27 8% — V4]

Require: Structured chunks D, Taxonomy definitions 7, Target
category Ctgt, Batch size B, Model M (4-bit quantized)
Ensure: Set of detected patterns P

1: P« 0
2: 6 < T[Ctgt] > Retrieve specific definition to minimize context
3: Filter D < {d € D | Length(d.html) 2 Lpin}
4: Partition D into batches B = {b1,b2,...,bm} where |b;| < B
5: for each batch b € B do
6: inputs < ()
7: for each chunk d € b do
8: p + ConstructPrompt(d, d.context, d.html)
9: Append p to inputs
10: end for
11: X < Tokenize(inputs, padding = True)
12: Y < M.Generate(X) > Batch inference on GPU
13: for each output y € Y do
14: J < ExtractJSON(y)
15: if J & null and J.patterns & () then
16: P < P U J.patterns
17: end if
18: end for
19: ClearGPUMemory/() > Free VRAM to prevent
fragmentation
20: end for

21: return P

22: procedure CONSTRUCTPROMPT(S, context, html)

23: Ssys +— FormatSystemPrompt(J)

24: Suser < “Context: ” + context + \n + “HTML: ” 4+ html
25: return ApplyChatTemplate(Ssys, Suser)

26: end procedure

LT =067 Yy ZLME L 200 R—PEEBHT— X
tybel, Zhenfe L. WELET—&% SLM Tf#
MiZEITS 729, B TRE L HHEBRE DAL E S il
HER DOM &) 7A TV XL %REHT 5.

BRINZIE, 3Ny FLRAT 999 EAVTHER-—I% L
YRV TL, 2—H 2R T 2R E A VERE HTML B
Yy UCHRINCEDIAL. KIZ, 227V T MREERY D/
A XZBRELRR, b—2 VIR (L) 1CEO%E, DOM O
FEERNE 2 9> < U R+ (Context Path) ZHRFEFL-F F,
HTML 2EH®KOH 28 (Fr>2) ~enET 5. 2hb
DIIRFEA T — X%, X RXF—X 2 JSON R THREFL,

M -2ty b L.

4.2 #HRB|E IO T LERET

HEERE 7 121 Qwen2.5-Coder-7B-Instruct #¥H L7z, 2
Y¥a—<—HIFDRs5I GPU XEY (VRAM 16GB) B
R R TO#GRZAREIC T 2728, Unsloth 4 75 U EZHWT
EFILDEAIZ 4bit B (NF4 JER) Z#H L=, HEEw
ATI7A4VE, N FHAX%E2 FrrI7H2hDATIRK
=2 Y E% 4096 IZEL, WHMEICEEZAL—T Y bD
BARIEER S 7.

DEIM2026
2 HERART 4 —~ Y ADLLHE
Ny FHA X R LELEE VRAM A& (GB)
(s) (sec/file) T IZIN
2 15166 75.83 6.9 7.1
11837 59.18 8.3 9.1
10003 50.01 11.3 12.7

Tuy P EERT ZEREEIEGEL L, YA 747 Y T
TRETNVOREBIUOER 28R L. £, 74—
~ v MIHHESR - & — % - P 2 38 JSON BT
HAOFT2 L8R L. BRE, X—=0 R =UDFELRV
BEEIPLDVR N EHNT LR

H—URR—VDERTO YT ME, (R —VDERIXDAH
DTy A, BRI ZBIR DB & BRI 2 I L 7
Juy7rBERHEL, ThENTERZITo . ERXO—
fil& LIRS,

- JOYTFHFA
**Low Stock™*: Indicates that a product is limited in
quantity, even though that claim is misleading or false.
- FOYZFB
**Low Stock**: Indicates that a product is limited in
quantity to induce urgency.
- ¥*Target**: "Only 3 left", "Low stock", "Almost gone",
"2 people have this in their cart".
- *EXCLUDE**: "Out of stock", "Sold out", "Not avail-
able", "Backorder", "In Stock". (Do NOT detect items

that cannot be purchased immediately).

4.3 EBOfRHE

REBRTE, REFEOTMHERE LT, #@HE%E (Precision)
ZEMEfEE e LTHRA Lz, BHED Web ¥4 MMZBIF 55—
7 &2 — > O BRRERE (FEROFE) IXIERENT
BB, AWFLTIE [SLMBX =7 X -2 ThHhbBEEL
72bDW, ERICEDE =TI RR—2ThHholzh) W0, i
WEID D72 XU HE AR Y T CRHEZAT 5

EROMNEREMTOFIETERM L. £3, #EHs( 754
YEBUTHAEN JSON FRDS B, EFAH 120
DR =T RZ—VEBRHELEF Y7 GUETHT—%) 25
NTHHT 2. ki, MHXn-EE HTML £2) €7V
DR L 7= HEGREEH (Reasoning) %, XWRR—IDHEED L
VR IERBIUHIZOa YT F X 3R (DOM DREE
HH) s LAaLE S, ABOFHEE D Gray 5 DEFRICE
SWTHRHERZITY, F—I X —2ThHD LR TERY
ExREGY (True Positive: TP) , @ D Ul BZEDIRBHIP,
ETNMCEBFELRVEZROEE Mo x—vay) &
51 (False Positive: FP) ¥ L THHHL /-,

4.4 EBRER
4.4.1 HERART7+—< VR
MR LR T4 Y 2HWT, 200 R—J DL %
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#3 TurTIERGEH (AEREDA, B ERHRISEM) X5 A7 3 HIBKIRS RO R

JO>7hk A 70> 7+ B BRAEMEM)
DP %4 7 TP FP# &R TP FPH HER
Low Stock 27 59  0.3140 26 18 0.5090
Countdown Timer 1 24 0.0400 1 17 0.0556
Limited Time Messages 2 12 0.1429 2 30 0.0625
High Demand 0 5 0.0000 0 1 0.0000
Parasocial Pressure 0 5 0.0000 0 0 —
Confirmshaming 0 1 0.0000 0 0 -
Endorsements and Testimonials 0 1 0.0000 0 0 -
Activity Messages 0 0 - 0 0 -
REEDRA T 0 4 0.0000 0 16 0.0000
2 30 111 0.2128 29 82 0.2613

fTolz. ZOBE, Ny FEE 2,4, 8 IIELXET, Thz2ho
ERMEIREE, SF¥ VRAM AR, &k VRAM #FHE%E
FRU7z. ZORRER21ORT. ZOfERID, VRAMI6GB
BRIFIZB W T Qwen2.5-coder-7B-Instruct % W TEE L 728
VEDRIRETH B Z L DHERTE 5.

4.4.2 Tur 7 ERENT K S MAIEE O L

Ty OTRREED SLM OHERKEEIC S 2 2 BRI
i3 27D, RXR—VOERXDAEEZT T7arT A
v, BIRHB X ORERBRALGEEAE L Tr Y Tk BY
W& AHERAE RO T o 72, K70y S MCBIT S DP X
4 ZHlOEBE (TP) #, #E%E (FP) ), Bl #EAE%
£ 3I1TRT.

EEOFERE LT, ey 7t A ZAVWEEAEOEAERIZ
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