E3-03

EI4MMIBIFR S R T LAFRFMARERAS

1/4

T—Vxr NI —7 7 —2EA L RBRBESHEET VT X 28UART —

ZDERERER L
HEEEN - RAE - BEAES

An Agentic Workflow Approach for Pseudo People Flow Data Generation with Large Language
Models

Yusuke Senuki*, Yanbo Pang**, Yoshihide Sekimoto**

Abstract: This study explored a method for generating high-precision pseudo people flow data by leveraging
Large Language Models (LLMs) and introducing an agent-based workflow. Specifically, it employed an iterative
feedback process involving an Al agent that generates synthetic people flow by few-shot, and a separate Al agent
that evaluates the generated people flow. This approach resulted in a stepwise improvement in the quality of
simulated people flow data. The proportion of flows meeting the criteria increased by 11.8 percentage points
compared to conventional methods during the first generation and by 30.0 percentage points during the tenth
generation. Furthermore, the frequency of activity appearances in the flows increased by 41.6%, confirming that
the generated data includes diverse cases not sufficiently represented by single-generation models. Such data is
expected to be utilized in urban planning and commercial analysis scenarios as a method to simulate people flow.
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